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ABSTRACT

Deforestation and climate change are two interdependent factors lying at the
foundation of global ecosystems and human societies. In this research, the link
between climate change and deforestation is searched by employing high-
resolution satellite data and advanced analytic methods. Deforestation rates are
quantified, changes in land use are assessed, and the emission of greenhouse gases
over time is monitored using satellite imagery and remote sensing data. Also, the
study examines the thermal variations and precipitation patterns on a regional and
global scale as well as carbon recruitment capabilities in the affected areas.
Moreover, this research paper makes a thorough analysis of how deforestation
activities cause global climate changes by integrating different metrics derived from
satellite data and climate models. The results underline the importance of forest
conservation in the fight against climate change and put forward practical proposals
for the development of policies and land use sustainable practices. The ultimate
objective of this study is to create a better understanding of the complex
interactions between climate change and deforestation, thus creating a basis for
addressing in a data-driven way such challenges as the ones that affect our planet
on a global level.

1. INTRODUCTION

Environmental issues like deforestation are now some  areas, as

world for many decades, it is now even far worse in
agricultural  expansion,

the primary cause of climate change. The enormous
forest devastation is indeed the cause of many life-
threatening drawbacks, bringing about far-
reaching effects which alter ecosystems, affect
biodiversity, and cause climate systems to be
unpredictable  (Choudhary et al, 2023).
Timberlands act as a key part of the Carbon cycle
by acting as massive sinks of carbon dioxide (CO2)
and also serve the function of detoxifying the
Earth’s atmosphere. Deforestation, on the other
hand, is disrupting this balance, venting the stored
carbon back into the atmosphere and leading to
global warming (Kagmaz Akkurt, 2023). Although
people have voiced concern and put in place
policies to address this issue in many parts of the

urbanization, logging, and other human activities
are the primary reasons for the fast deforestation
(Gomathy & Kalaiselvi, 2023). Therefore, the
intersection of deforestation and climate change is
a very complex and multifaceted issue that
necessitates rigorous and nuanced data-driven
exploration if we are to mitigate it effectively and
manage it sustainably (Guo et al., 2021).

Thanks to satellite technology and remote sensing,
we can now monitor and analyze environmental
changes on a global scale like never before. Until
now, deforestation studies have relied on ground-
based surveys and regional data that are often
limited in scope and therefore widely unreliable.
By contrast, satellite data offers a far more
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comprehensive  perspective;  high-resolution
imagery and the temporal coverage provided by
the satellites enable researchers to monitor
deforestation in real time and over longer periods
of time (Hasegawa et al., 2022). Remote sensing
technology can not only notice any slightest shifts
in land cover but also quantify the loss of forests
and measure exactly the most important variables
like the condition of the vegetation, density of the
canopy, and emissions of carbon. These abilities
make it impossible to ignore satellite data when
discussing the relation between deforestation and
climate change. Moreover, combining satellite data
with climate models, increases the capability of
predicting trends in the future and assessing the
impacts of forestry on the world, as well as regional
climate systems (Abramoff et al,, 2023).

The relationship between deforestation and
climate change is complex and involves various
direct and indirect mechanisms. Carbon dioxide
and other greenhouse gases are directly emitted
when trees and other plants are removed or burnt,
contributing to global warming. Trees are the best
natural absorbers of carbon dioxide as they utilize
it for growth through photosynthesis. Carbon
dioxide that was previously stored in the trees and
soil is released into the atmosphere when forests
are cleared or burnt, leading to the rise of
greenhouse gases. It is estimated that deforestation
accounts for approximately 10% of greenhouse gas
emissions worldwide each year. In an indirect
manner, deforestation influences local and
regional wildlife diversity by changing the surface
albedo, reducing evapotranspiration, and affecting
the precipitation patterns (Crane-Droesch, 2018).
Consequently, these effects can cause an increase
in temperature, altered weather systems, and long-
term climate instability. Furthermore,
deforestation reduces the diversity of plants and
animals, thus making ecosystems less capable of
overcoming environmental stressors like climate
change and makes them more prone to adaptation
challenges (Sidhu et al., 2023).

It is important to note that deforestation has
implications that go beyond climate systems and
involve social, economic, and ecological factors. For
instance, vital tropical rainforests are the Amazon,
Congo Basin, and those in Southeast Asia in
supporting indigenous communities, providing
ecosystem services, and conserving global
biodiversity. The loss of forests in these areas
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compromises the livelihoods of millions of people,
disrupts the water cycles, and threatens forest-
dependent species (Gyamerah et al, 2023).
Furthermore, the reduction of forest cover can
cause several problems in agriculture, water
availability, and human health, creating feedback
loops that enhance climate vulnerabilities. The
understanding of such connected ramifications is
essential for developing comprehensive solutions
that can handle both deforestation as well as its far-
reaching consequences (Ravindiran et al., 2023).
Understanding  the  relationship  between
deforestation and climate change is essential for
the successful implementation of global
environmental initiatives. By way of example, the
Paris Agreement and the United Nations
Sustainable Development Goals (SDGs) continue to
stress the imperative of combating deforestation
within climate action programs. Nevertheless, the
successful execution of such programs should be
based on the gathering of solid data and scientific
acumen. Satellite data stands out as a significant
opportunity to overcome the knowledge gap, as it
presents refined and realistic information on
deforestation trends, hot spots, and corresponding
climatic ramifications. Such a data-driven view is
capable of informing policy decisions, specifying
intervention priorities, and supporting worldwide
action against climate change (Li et al., 2023).

In spite of the rising availability of satellite data,
there are still obstacles to the investigation and
interpretation of the complex relationships
between deforestation and climate change. The
diversity of drivers of deforestation, regional
discrepancies, and the fact that they have non-
linear feedback mechanisms, are significant
barriers to analysis. Moreover, the effects of
deforestation on the climate may not be the same
in all areas but depend on the geographical ones,
forest types, and of course on the scale of land-use
change (Ramachandra et al., 2023). For instance,
while tropical forests, which contain large amounts
of carbon and influence global weather patterns,
show different climate medications as opposed to
boreal or temperate forests, the socio-economic
conditions, governance systems, and law
enforcement practices shape the outcomes of
deforestation decisions, thus making the analysis
even more complicated. To overcome these
difficulties, it is necessary to engage in an
interdisciplinary approach that would combine
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satellite data, ground-based observations, climate
models as well as social-economic knowledge
(Antonelli et al., 2023).

In this research, we intend to employ satellite data
to exhaustively examine the interconnection
between deforestation and climate change. The
integration of remote sensing technologies along
with sophisticated analytical models is intended to
allow us to compute the level and pace of
deforestation, attribute it to greenhouse gas
emissions, and perceive its impact on the local and
global climate systems. We emphasize identifying
trends, correlations, and causal mechanisms that
can guide the policy and conservation decisions.
Hence, the research sought to address the
following inquiries (McCallum et al., 2023): How
does deforestation augment the greenhouse gas
emissions? What are the regional and global
climate outcomes due to the disappearance of
forest cover? And to what extent can satellite data
enhance the monitoring and control strategies?
Objectives

e The application of satellite data and remote
sensing methods helps quantify the
emissions of greenhouse gases.

e A careful examination of the roles of
deforestation in both the regional and
global climate, covering such aspects as
carbon cycle, precipitation, and
temperature, would be performed.

Once these objectives are met, this research aims to
deepen the knowledge of the impact of
deforestation on climate change and assist those
who support forest conservation based on
scientific evidence. The results of this study will be
relevant to government leaders, environmental
conservators, and scientists as they tackle both the
issues of deforestation and climate change. In
addition, our method shows that satellite data can
be an essential element in exactly, successfully, and
repeatedly monitoring the environment. Thus, it
may lead to different ways of studying climate and
advancement in sustainability .

2. LITERATURE REVIEW

The quest to comprehend the multi-layered
interdependencies between forest desolation and
climate evolution calls for a thorough examination
of precedently published reports. Various
investigations have illicitly discussed the reason,
consequence, and transition strategies topical to
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forest degradation but only a few of them have
highlighted the inextricable relationship of global
warming, local and universal climate shifts, and the
scientific instruments of the technology segment
for monitoring and analyses. The linkage of
satellite and remote sensors to researchers left
them to produce a plethora of details, documenting
deforestation processes and their climate
repercussions. In this part, the crux of the
significant studies that led to the consummate
knowledge of how deforestation affects climate
systems will be summarized along with the
procedures, the results, and the shortcomings of
old studies (Altarez et al., 2023).

(Sboui et al., 2023) thoroughly investigated how
machine learning can be used to improve the
forecast of deforestation associated with oil palm
plantations. The research proposed a novel
conceptual framework that merges geospatial
technologies with image processing techniques to
confront the menace of palm oil-related
deforestation, which has often been neglected in
the current literature. The framework was
composed of three parts: data preparation, model
training, and validation, in Aceh region of
Indonesia (Duku & Hein, 2023). Results obtained
from their sensitivity analysis shows that the
accuracy of the deforestation rates prediction with
the proposed approach can be achieved. This study
points out that machine learning plays an essential
role in the support of decision-makers through
offering of actionable insights on the possibility of
where and when the new plantations could be
established sustainably. This research stresses the
usability of the concept of predictive analytics in
the management of deforestation for the purpose
of environmental damage control.

Daiyoub et al., in their study of the forests of Syria,
looked into the effects of armed conflict on the
forest trees, along with other forest lands between
2010 and 2019 (Daiyoub et al, 2023). By
employing Landsat and PALSAR satellite images, as
well as the Tasseled Cap transformation and the
LandTrendr algorithm, the study showed a
significant reduction of 19.3% of the forest cover.
Among the most important factors were illegal
logging close to the refugee camps, the proximity of
roads and settlements, as well as the forest fires
resulting from explosive events, which were the
bombings. The authors emphasized on finding
sustainable alternatives for heating and cooking to
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avoid the dependency on deforestation during the
post conflict reconstruction process. The research
presents persuasive evidence showing that the
socio-political factors affect the deforestation
process, and the needs for better governance and
enforcement of policies are vital for forest
conservation (Yuh et al,, 2023).

Silva et al. analyzed the relationship between
management practices and deforestation in
Brazil's 283 protected areas (PAs) (da Silva et al,,
2023). The data concluded that the machine was
quite good at identifying ones with a risk of
deforestation and wildfires with accuracy rates of
87.5% and 72.8%, respectively. It was identified
that biome, area, tourism management, and
governance were the critical factors that should be
taken into consideration in  predicting
vulnerability. The sustainable management of
tourism was said to be the best way of minimizing
deforestation and increasing the effectiveness of
the governance of the protected area. Herewith the
interlinking of tourism and conservation efforts is
highlighted and therefore it is recommended for
policies to be made that benefit from the tourism
sector and thus preserve the resources of the
protected areas.

(Buttetal.,, 2023) studied the effects of tropical
deforestation on local and regional -climate
warming, focusing on the Amazon rainforest. The
study, with the use of the remote-sensing
observations and machine learning showed that
Deforestation caused warming even at distances
up to 100 km from forest loss sites. The researchers
concluded that the loss of 10% of the forest would
Table 1 : Comparsion of the Related Studies
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result in a four-fold increase in the temperature
and that the weather resilience of the regions
would be in danger (Frimpong et al., 2023). The
researchers made a forecast, that if the
deforestation process continues, the dry season
warming in the south of the country may reach 0.96
K by 2050, while in the case of the elimination of
the deforestation process risk it may reduce the
warming up to 0.4 K. The study is of great
importance because it shows the need for avoiding
deforestation, so that the climate regions can be
made less vulnerable and the sustainability of the
tropical regions can be enhanced.

Picanco Rodrigues and Caetano explored the
influence of political activity on deforestation and
fire outbreaks in the Brazilian Amazon through the
application of sentiment analysis derived from
Twitter data (Picanco Rodrigues & Leonel Caetano,
2023). The analysis of satellite fire data as well as
social media engagement determined that positive
comments in respect of agriculture and
deforestation-related policies usually came six
days before the fire breakout. The decision tree
regressor was identified as the most potent
predictive model. The outcomes of this research
are a direct reflection of the influence political
stories have on educating and changing the public's
attitudes toward the destruction of the
environment. This study implies the use of machine
learning and sentiment analysis over human-
induced crises as well as a need for stricter policies
to be adopted in political contexts where
deforestation is concerned.

Study Focus Area Methodology Key Findings Applications
Developed a predictive
framework for deforestation due .
. . . : o Helps decision-makers
. Deforestation Machine learning | to oil palm, achieving accurate .
Sboui et al. . . . . . manage palm oil-
due to oil palm | framework using | predictions in the Aceh province )
(2023) . . i e .~ | related deforestation
plantations geospatial data of Indonesia. Sensitivity analysis .
. ,_ | sustainably.
validated the framework’s
effectiveness.
Identified a 19.3% forest cover Informin ost-
. loss in Syria (2010-2019) caused ming p
Impact of armed Remote — sensing by illegal logging, proximity to conflict forest
Daiyoub et . with Landsat and ’ restoration and
conflict on forest refugee camps, roads, and .
al. (2023) PALSAR; . ) sustainable resource
cover bombings. Emphasized post-
LandTrendr i . . management
conflict sustainable alternatives stratenies
for fuel to mitigate deforestation. gles.
Silva et al. | Protected area | Machine learning | Identified tourism management | Developing policies for
(2023) management classification and | and governance as  key | sustainable tourism to
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and multivariate predictors of deforestation | reduce deforestation
deforestation models vulnerability in Brazil’s | and improve protected

protected areas. Highlighted | area management.
tourism’s potential role in
reducing deforestation and
enhancing governance
effectiveness.
Showed that deforestation in the
Amazon caused warming up to | Strengthening
. . . 100 km away. Nonlocal warming | regional climate
Regional climate | Remote sensing | . .
Butt et al. | . . increased by a factor of four due | adaptation and
impacts of | and machine . i o .
(2023) . ) to deforestation. Projected | resilience strategies
deforestation learning . .
future warming scenarios under | through reduced
different deforestation | deforestation.
trajectories.
Found  political  narratives
influence fire outbreaks and e . :
. . . . . . Utilizing social media
Picanco . Machine learning | deforestation in the Brazilian .
. Political : . analysis to detect and
Rodrigues & . and  sentiment | Amazon. Positive comments on . -
narratives and . : : o mitigate  politically-
Caetano . analysis of social | deforestation policies were . .
deforestation ! o . . driven deforestation
(2023) media predictive of fire events, with a 6-
: o . . trends.
day lag identified via decision
tree regression.
3. PROPOSED METHODOLOGY which are very often linked to deforestation. Other
This investigation uses an all- sensors, on the other hand, are used to monitor the

encompassing methodology that includes satellite
data, sophisticated remote sensing techniques, and
machine learning models for examining the
correlation between deforestation and climate
change. The primary objective is to utilize the latest
technologies to gather, process, and analyze high-
resolution data to get practical insights into the
forest alteration dynamics and their effect on the
global climate. The stratagem is classified into
various linked steps like the acquisition of satellite
data, data preprocessing, metadata extraction,
storing, analysis, and publication. By designing
these modes, we ensure the precise, replicated, and
systematic assessment of deforestation and its
climatic consequences.

The initial phase of the methodology comprises the
acquisition of satellite data. High-resolution
imagery was obtained from diverse sources like
satellites with special sensors capable of taking
Normalized Difference Vegetation Index (NDVI),
thermal imaging, and atmospheric CO, readings.
NDVI serves as a vital marker of the health of
vegetation and thus called to distinguish between
areas under dense forest cover, degraded zones,
and non-vegetated regions. Furthermore, the
variant of thermal sensors was used in the
detection of changes in surface-land temperatures,

https://doi.org/10.54489/ijcim.v4i2.503

emissions of greenhouse gases, especially CO,,
released through deforestation. Consequently,
these data sources together become the strongest
basis for the assessment of forest destruction and

its effect on climate.

The preprocessing of the raw satellite data
happens after data acquisition. The data is then
conveyed to ground stations where telemetry
analysis, and preliminary filtering are carried out
to get rid of noise and ensure reliability via the use
of a removal filter. Data preprocessing entails
atmospheric correction to prevent the distortion
caused by the atmospheric particles, cloud removal
to obtain clarity in the data, and cleaning of the data
to get rid of the inconsistencies. These bettered
procedures will verify the credibility of the
performance of the analysis. In addition, metadata
with timestamps and geospatial coordinates will be
extracted for the temporal analysis as well as the
spatial analysis. The formatting of raw data was the
preprocessing stage of it is the gateway to further
data processing ones and consequently, the

analysis.
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Figure 1 : Working of the Proposed Model

The processing of the satellite data is followed by
storing it in structured databases, by utilizing
cloud-based platforms like AWS and Google Cloud,
the organization, and indexing of the satellite data
will be possible. These will, in turn, ensure the
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speedy and efficient retrieval of the data which is
subsequently to be analyzed. The databases are not
only capable of processing the time and space data
but also they can do research that tracks
deforestation patterns over time and studies them
with respect to the environment. With the use of
cloud storage solutions, we have scalability as a
quick solution for handling a lot of data since we
can just integrate new data as it becomes available.
The platforms also give us computational strength
which is useful for running complicated analytical
models on large datasets.

The methodology is culminating in the data
analysis. The techniques for feature extraction are
utilized to come up with useful variables such as
vegetation indices, the rates of deforestation, and
climate indicators. Then, the machine learning
models are used to analyze these features over
time and figure out the trends, correlations, and
patterns. Thus, predictive models will provide the
estimated future deforestation rates and the
possible effects on climate systems. The relation of
temperature, precipitation, and carbon emissions
to the forest, in effect, will be regarded as
deforestation through the correlation method.
Long-term changes will be detected by using the
trend prediction model. The implication of the
availability of the machine learning would be that
the complex interactions that are not easily
discerned in the method can be detected.
Visualization tools are used to present the results
in a way that is intuitive and easily accessible.
Geospatial heatmaps indicate hotspots of
deforestation, while temporal charts exemplify
changes over time. Advanced 3D renderings
provide a deeper immersion, allowing
stakeholders to see the magnitude of forest loss
and its climatic effects without complex textual
data. The role of these visualizations in the
communication of the research results to
policymakers, environmental organizations, and
the general public is key. The transformation of
complex data into visually appealing graphics is the
method by which the research tries to overcome
the gap between scientific evidence and achievable
actions.

The methodology's last step consists of putting the
results together in comprehensive reports and
direct actions. The data analysis results are used as
the basis for policy suggestions, outlining
environmental risks, and shooting eligibility
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criteria. These reports are written to meet the
distinct needs of the various stakeholders, such as
the NGOs. Access to datasets and statistical tools of
high quality can enable the research community to
undertake further studies. The policymakers get
solid proof of the recommendations that will be the
basis of the legislative structure and climate action
plans. The NGOs have the information they need to
raise funds for conservation and mobilization
programs. The research wants to serve the various
capabilities of the stakeholders so that the greater
device can be reached in the fight against
deforestation and climate change.

The functionality of the model suggested is as
illustrated in Figure 1. The model signifies a
systematic framework for the gathering,
processing, and analysis of satellite data along with
multiple technological aspects whose integration is
ensured to generate results that are both accurate
and comprehensive. A satellite is used to collect
data, such as detailed images, NDVI metrics, and
atmospheric indicators. After this, the information
is sent to ground stations by the telemetry analysis
and initial processing. Afterward, the refined data
is indexed and kept in the cloud-based repositories
guaranteeing accessibility and flexibility of
resourceful retrieval. Data interpretation is then
done using sophisticated analytical techniques
including the implementation of machine learning
models. As a visualization illustration of these
results, geospatial heat maps, temporal graphs, and
3D renderings are utilized. The results obtained
from this model are gradually combined into
comprehensive reports that offer actionable
recommendations for decision-makers,
researchers, and NGOs.

The model outlined above is an exemplary
representation of the coupling of satellite
technology with advanced analytics to create
durable solutions for environmental issues. This
model aims at a comprehensive approach to
monitor and analyze both deforestation and
climate change; thus, it is a contribution to the
formation of sustainable strategies. Also, it
highlights the need to utilize technology
appropriately for better quality, quantity, and
effect in environmental research.

4. SIMULATION RESULTS

This research's conclusions give
imperative revelations into the link between
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deforestation, carbon discharges, and climate
change. A Kaggle centered dataset, blended with
the relevant UCI land cover data information, was
chiefly used for the analysis. Both tables and
various graphs were used in reports respectively to
illustrate trends and correlations with the periods
and specific variables, such as deforestation rates,
CO; emissions, and global temperature anomalies.
The descriptive statistics of the datasets show
major differences in deforestation rates, with an
average annual decrease of 0.998 million hectares
between 2000 and 2022. The average amount of
carbon dioxide emissions was 3.24 billion metric
tons per year, which remarkably indicates the role
of deforestation in the alteration of the
concentration of greenhouse gases in the
atmosphere. The global temperature rise, which is
a good indicator of climate change, showed an
average growth of 1.02°C in the compared
reference period while the pre-industrial one was
used to estimate it, emphasizing the global
warming event as a climatic result of deforestation
and logging activities.
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Figure 4 : Global Temperature Anomaly Over Time
(2000-2022)

In a more visual way, these trends can be further
revealed through graphical representations. Figure
2 displays the deforestation rate as a function of
time, showing that the total number of trees had a
tendency to oscillate, sometimes there was an
increase in forest loss during the time when
agricultural activity and industry expanded quite
quickly. This phenomenon is like the figures of
2010 and 2020; the former shows a striking peak
in logging and the latter one, widespread land
clearing, which probably caused the economic
pressure and so this was the first one of the
important  signals of the unsustainable
management of forests.
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period and the deforestation rates show a very
strong positive correlation. The emissions rise in
peak years of deforestation in the same way as they
confirm that the removal of trees from the forests
is the process that releases greenhouse gases into
the atmosphere. The trends in emissions and
deforestation measured in that way would mitigate
greenhouse gas emissions.

Figure 4 illustrates the global temperature
anomaly, which has steadily increased over the
years. Although temperature variations are
influenced by several factors, the observed trend
matches the rising carbon emissions due to
deforestation. The data indicate that deforestation
not only leads to immediate carbon emissions but
also disrupts climate stability in the region and so
it leads to environmental degradation globally.
These findings are consistent with the existing
literature that explains the dual role of forests in
carbon sequestration and climate regulation. This
research had employed a direct combination of
satellite data with Machine Learning models
enabling the detection of the mapping of complex
relationships between deforestation and climate
change beyond the previous research experience.
The graphical outputs and summary statistics
provide a robust basis for understanding the

In the Figure 3, CO, emissions throughout the same temporal and spatial dynamics of these
interactions.
Table 2 : Summary Statistics Of Deforestation And Climate Change Data
Count | Mean Std Min 25% Median | 75% Max
Dev

Year 23 2011.00 | 6.78 2000.00 | 2005.50 | 2011.00 | 2016.50 | 2022.00
Deforestation | 23 0.998 0.291 | 0.596 0.696 1.028 1.208 1.451
Rate (Million
ha)
CO2 Emissions | 23 3.238 0.661 | 2.291 2.730 2.993 3.817 4.302
(Billion tons)
Temperature 23 1.023 0.120 | 0.818 0.907 1.049 1.119 1.180
Anomaly (°C)

As depicted in the proposed model (Figure 1 in the
Methodology section), the integrated analysis
framework used in this study emphasizes the
rationale for using satellite data in environmental
monitoring. The method not only records the
number of trees that have been lost but also it
investigates the climatic ramifications of the
deforestation, thus providing a certain approach
which is replicable for the future studies of this

https://doi.org/10.54489/ijcim.v4i2.503

kind. Moreover, the detailed results give some
direction to the studies for the possible actions that
would be taken up by the different groups of
people, such as governments, scientists, and
environmental organizations, in the fight against
the two crises of deforestation and global warming.

5. CONCLUSION
This study comprehensively examines the
significant relationship between deforestation and
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climate change by utilizing an analysis of the
satellite data which is the source of information
about forest loss, CO, emissions, and global
temperature anomalies. During the period of 2000-
2022, an average annual deforestation rate of
0.998 million hectares was stated as a fact, which
caused a sufficient amount of CO, emissions to
occur in the atmosphere through an average of 3.24
billion metric tons each year. Besides, the analysis
of the results indicated, a steady increment in the
rate of global temperature anomalies was
observed, which was equal to the rate of warming
of 1.02 °C above pre-industrial levels, illustrating
that the impact of deforestation on global warming
was seminal. Graphical displays confirmed that
trees of high deforestation were the principal and
basic correlations of the peaks in CO, emissions, so
there is an urgent need for effective developmental
forest conservation actions to alleviate climate
changes.

Despite the useful information being provided by
this research, some limitations cannot be ignored.
Trusted by global satellites, the analysis may have
the natural biases of cloud cover or effects in the
atmosphere due to atmospheric disturbances
which are despite the preprocessing work of the
data. Also, the study's excluding of the regional
socio-economic drivers of deforestation is
responsible for missing the additional context that
complements the findings. For a better
understanding of the implications of deforestation
and to explore advanced machine learning models
for predictive accuracy, future research must focus
on bringing together localized data and economic
variables within the study. The core message
remains that this study reiterates the fact that
forests are a key aspect of the regulation of the
climate, while it also highlights the necessity of
using data-driven interventions to tackle
deforestation and climate change.
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